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Abstract
Load funds are primarily sold through brokers and financial advisors. This paper finds that load
funds with higher loads and 12b-1 fees tend to receive higher flows, showing evidence that there
exists conflict of interests between load fund investors and brokers and financial advisors: brokers
and financial advisors, who exert a substantial degree of influence on load fund investors,
apparently serve their own interests by guiding investors into funds with higher loads and 12b-1
fees, which generate higher income to the brokers and financial advisors but increase the
expenses of investors. In addition, brokers and financial advisors do not seem to be as sensitive
in saving operating expenses as no-load fund investors. For load fund investors, these findings
help them understand that they are in a vulnerable position in their relationship with brokers and

financial advisors, who are sales people first, and advisors second.
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Introduction

Mutual funds have become an increasingly important investment vehicle for individual investors.
In general, an individual mutual fund investor may either invest in no-load funds, which largely
rely on direct sales to investors, or load funds, which are primarily sold through brokers and
financial advisors. Consequently, a natural question to investigate is how brokers and financial
advisors influence the investors of load funds, which account for 75% of total retail mutual funds.
In particular, is there any conflict of interests between load fund investors and brokers and
financial advisors?

To investigate this issue, this paper first studies the effects of fund loads on the net flows
into load funds. Various surveys have shown that load fund investors are overall unsophisticated
and they often consider brokers and financial advisors the most important information source
(Capon, et al., 1996; Investment Company Institute, 1997; Alexander, et al., 1998). As a result,
brokers and financial advisors must exert a substantial degree of influence on load fund investors.
In addition, as noted in Nanda, et al. (2000) and Sirri and Tufano (1998), as a component of the
expenses encountered by mutual fund investors, fund loads are used primarily to compensate
brokers and financial advisors. Consequently, if brokers and financial advisors always act in the
best interest of the investors, we would expect that fund loads have a negative effect on flows,
because, all else being equal, rational investors should stay away from funds with higher
expenses, as argued by Barber, et al. (2005). However, if brokers and financial advisors put their
own interests first instead, flows might be positively associated with fund loads, because higher
loads, as suggested by Sirri and Tufano (1998), should motivate brokers and financial advisors to
sell more aggressively.

In addition to the study of the effects of fund loads on flows into load funds, I also

compare the effects of other determinants of flows into load and no-load funds, especially fund



operating expenses and 12b-1 fee, a distribution fee primarily paid to brokers and financial
advisors as a trailing commission, and use the observed differences to analyze whether there
exists conflict of interests between load fund investors and brokers and financial advisors.

This paper first finds that load funds with higher loads and 12b-1 fees tend to receive
higher flows. This finding suggests that brokers and financial advisors apparently serve their own
interests by guiding investors into funds with higher loads. In addition, brokers and financial
advisors do not seem to be as sensitive in saving operating expenses as no-load fund investors.
These results are consistent with examples reported in the financial media. For instance, Morgan
Stanley is reported to practice “favored sale” of fund companies’ products based on brokerage
commissions that Morgan Stanley would receive from those fund companies."  This paper
reveals that such “favored sale” practice is not limited to Morgan Stanley, but spread all over the
entire brokerage industry. Furthermore, the behavior pattern of brokers and financial advisors
suggested by these results is also consistent with the findings in Bergstresser, et al. (2008) and
Houge and Wellman (2007). Bergstresser, et al. (2008) fail to find that brokers deliver
substantial tangible benefits for load fund investors, while Houge and Wellman (2007) claim that
load mutual fund companies charge higher expenses to their target customer: the less-
knowledgeable investor.

For load fund investors, these findings help them understand that they are in a vulnerable
position in their relationship with brokers and financial advisors, who are sales people first, and
advisors second. In light of any investigation as to whether brokers and financial advisors have
abused their influence on mutual fund investors, these findings are of great importance to both

regulators and mutual fund investors.



Data, variables, and methodology

Data

Using the CRSP Survivor-Bias Free US Mutual Fund Database, I create a data set of quarterly
data from the first quarter of 1992 to the third quarter of 2001 of 15,853 open-end mutual funds.
The data set covers all equity funds, bond funds, and hybrid funds. All funds are categorized into
19 investment objectives primarily based on the Investment Company Data, Inc. (ICDI)’s Fund
Objective Code, which indicates the fund’s investment strategy as identified by Standard &
Poor’s Fund Services.”

The data include fund name, fund family (management company), inception date, fund
age (months), quarterly return, NAV (net asset value), expense ratio, turnover ratio, front-end
loads, back-end loads, 12b-1 fees, and total assets. More than 60% of the funds are different
share classes of a common portfolio. To examine and compare the effects of different types of
loads, which are specific to each share class, on flows, following Greene and Hodges (2002), this
paper studies flows to each share class instead of each portfolio.

About 75% of all funds target retail investors, and these retail mutual funds can be
disaggregated by load types into no-load funds and three categories of load funds: front-end load
funds, back-end load funds, and level-load funds. Front-end load funds charge a front-end load
and a 12b-1 fee but not a back-end load; back-end load funds charge a back-end load and a 12b-1
fee but not a front-end load; and, level-load funds generally charge a standard one-percent back-
end load and a 12b-1 fee but not a front-end load. No-load funds, on the other hand, charge
neither a front-end load nor a back-end load, but may charge a 12b-1 fee (if any) less than 25

basis points. Load funds are generally sold through brokers and financial advisors, while no-load



funds largely rely on direct sales to investors. The loads and 12b-1 fees are used primarily to

compensate brokers and financial advisors and to pay for distribution expenses.

Related literature and control variables

Barber, et al. (2005) and Sirri and Tufano (1998) have studied the effects that fund loads and
changes in loads have on flows, respectively. However, how this paper studies the effects of fund
loads differs from the literature in the following ways.

First, in the literature, the effects of fund loads are investigated using a data set of both
load funds and no-load funds. Two offsetting effects might be combined in such a setting and
cannot be distinguished from one another. Nanda, et al. (2000) suggest that different investor
clienteles might exist for load and no-load funds, with load funds catering to unsophisticated
investors. Therefore, sophisticated investors might simply stay away from any load fund,
because they should understand that load funds underperform no-load funds after adjusting for
loads (Gruber, 1996; Carhart, 1997), generating a negative effect for fund loads. However, for
the clientele who do invest in load funds, if brokers and financial advisors put their own interests
first, the stronger incentives due to the higher compensation to brokers and financial advisors
from higher loads might lead to higher flows, indicating a positive relationship between fund
loads and flows. In other words, using a data set of both load funds and no-load funds, the effects
of fund loads on flows might be non-linear: no-load funds and high-load funds might both receive
higher flows than low-load funds. Consequently, in this paper, to isolate the effect of loads on
flows into load funds, I first only include observations from load funds in the estimation. To
make the results in this paper comparable to the literature, I also perform estimations using both
load funds and no-load funds, but I include both load fund dummies and load levels to control for

the non-linearity.



Second, partially due to data limitations, most papers in the literature only include front-
end load funds in their study and treat fund loads simply just as front-end loads. In this paper, I
further disaggregate load funds according to load types into front-end load funds, back-end load
funds, and level-load funds and study the effects of front-end and back-end loads separately.
Such a practice sheds more light on the decision-making process of investments into different
types of load funds.

In addition, Sirri and Tufano (1998) also find mutual fund investors are fee-sensitive in
that funds with higher total fees (expense ratio plus amortized load assuming a seven-year
holding period) have lower flows. Barber, et al. (2005) study the effects of front-end loads, 12b-1
fees, and other operating expenses separately. They find negative relations between front-end
loads and fund flows, no relation between total operating expenses and fund flows, as well as
positive relations between 12b-1 fees and fund flows. They argue that mutual fund investors are
more sensitive to salient in-your-face fees, such as front-end loads, than operating expenses.
Apparently, in addition to fund loads, the effects of 12b-1 fees and operating expenses should
also be studied.

The determinants of flows into mutual funds have been the subject of a growing literature
of academic studies. This literature provides a number of control variables to include in the
investigation. Gruber (1996), for instance, finds that investors chase past performance. Chevalier
and Ellison (1997) and Sirri and Tufano (1998) not only corroborate this finding but also detect
the non-linearity in the performance-flow relationship: mutual fund investors flock to funds with
the highest recent returns, but fail to flee from poor performers. Sirri and Tufano (1998) and
Nanda, et al. (2004) both study the spillover effects — a fund might enjoy higher flows if the
fund family it belongs to has larger size or a star fund with superior performance. In addition, the
effects of other factors, such as fund size, previous flows, and fund age, have also been studied in

the above-mentioned papers.



In addition to the factors already studied in previous research, this paper introduces two
new variables to control for the effects of fund families and investment objectives on the flows
into a fund. First, this paper includes the number of investment objectives offered in the fund
family. This variable is included to capture the spillover effects within a fund family from a
different angle. Second, because this paper follows Sirri and Tufano (1998) in measuring fund
performance as its percentile performance relative to other funds with the same investment
objective in the same period, the asset-weighted average raw return of the corresponding
investment objective is also included to control for the effect of investors chasing the absolute

performance of an investment objective.

Definitions of variables

Flows Consistent with the literature, I define dollar flows (FLOW) as the change in total assets
in excess of appreciation. I especially follow Zheng (1999) in also removing the increase in total
assets due to merger so that the flow measure clearly represents only net new investments made

by investors:

FLOW ;,= ASSET;,— ASSET ., (I+ R ;,) — MASSET ;, (1)

where ASSET ;, is the total assets of fund 7 at the end of quarter ¢, R;, is the holding period return
of fund i during quarter ¢, and MASSET ;, is the assets added to fund i during quarter ¢ due to
acquiring other mutual funds.

I then define percentage flows (PFLOW) as the asset growth rate of a fund due to dollar

flows:



PFLOW ;,= FLOW ,/ ASSET ..., 2)

Loads and Changes in Loads  Previous research largely includes only the level of
front-end loads in the analysis. In addition to using a front-end load level variable, FLOAD, in
the analysis of flows into front-end load funds, I also include a back-end load level variable,
BLOAD, in the analysis of flows into back-end load and level-load funds. To test if changes in
loads have any immediate effect on flows, I also include changes in front-end loads (AFLOAD) or
back-end loads (4BLOAD) in the estimations.

12b-1 Fees and Operating Expenses As in Barber, et al. (2005), I subtract 12b-1 fees
(12B) from the expense ratio to create a new variable, NONI12B, which only represents operating
expenses not related to distribution efforts.

Fund Size Consistent with the literature, LASSET ;;, which is the natural log of
ASSET ;,, the total net assets of a mutual fund, is used to represent the size of a fund.

Performance  Following Sirri and Tufano (1998), I measure the performance of a fund
as its fractional performance rank (RANK ;;), which represents the percentile of its raw return
(RAW) relative to other funds with the same investment objective in the same quarter. To apply a
piecewise linear regression to control for the non-linearity in the flow-performance relationship, I
continue to follow Sirri and Tufano (1998) to create three performance range variables defined as

follows using splines:

LOWPERF ,,.; = min [RANK ;,;, 0.2]
MIDPERF ;,.; = min [RANK ;..; - LOWPERF ;,, 0.6]

HIGHPERF ;,.; = min [RANK ;..; - LOWPERF ;- MIDPERF ;,,, 0.2] 3)



LOWPERF ;,; represents the bottom performance quintile, MIDPERF ;,; represents the middle
three performance quintiles, and HIGHPERF ;,; represents the top performance quintile. I also
calculate OAWRET ;,.; as the asset-weighted average of the raw holding period returns of all
funds with the same investment objective to measure investment objective performance.

Sirri and Tufano (1998) also use the standard deviation of monthly raw returns to
measure the risk of a fund and to study its effect on fund net flows. Instead of incorporating this
risk measure directly, I measure the risk-adjusted performance of a fund using the Sharpe ratio

(SHARPE), which is computed as:

SHARPE = ———L (4)
O.

1

where El and R , are the average monthly raw return of fund i and risk-free rate in the past 12

months, respectively, and o, is the standard deviation of the monthly raw returns of fund 7 in the

past 12 months. Performance ranks and performance range variables — LOWSHARPE ;,;,
MIDSHARPE ;. ;, and HIGHSHARPE ;,;— are computed in the same fashion as in Equation (3),
and used to study the effect of risk-adjusted performance on flows.

Fund Age The age of a fund (AGE) is also included in the analysis to control for the
possibility that fund families might steer more flows into new funds.

Number of Investment Objectives in the Fund Family ~ NUMOBJ represents the number

of investment objectives offered in the fund family.



Summary statistics

I compute the medians and means of various characteristics of funds with different load types and
report the results in TABLE I. The median front-end load is 4.75%. As expected, the median
back-end load of a level-load fund is considerably lower than that of a back-end load fund. No-
load funds and front-end load funds have the lowest 12b-1 fees and operating expenses. The
median size of a no-load fund ($60.480 million) is almost 50% larger than that of a front-end load
fund ($43.039 million), while the median sizes of the relatively younger back-end load funds and
level-load funds are only $24.797 million and $5.195 million, respectively. Similar ranks can also
be observed for the raw return and the Sharpe ratio, although the difference is not as significant.
No-load funds have the highest median dollar flows, while level-load funds have the highest
median percentage flows. Regardless of the flow measure, front-end load funds have the lowest
flows. For all variables, using means generates the same ranking among different load types as
using medians, even though the means of fund size, dollar flows, and percentage flows are all

considerably higher than their medians due to some extreme values.

[Insert TABLE I about here]

The statistical model

I test the effects of fund loads on fund flows, while controlling for other variables in a

multivariate regression framework. Consistent with the literature, I measure fund flows as

percentage flows.’

For front-end load funds, I estimate the following random effects regression using only

observations from front-end load funds: *
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PFLOW ;, = a+ JB,* FLOAD;.; + 3, AFLOAD;.; + fBy* 12B,.; + 8, + NONI2B;.; + f3*
LASSET;., +f3,+ PFLOW,.; + f3,+ LOWPERF;,, + f3,» MIDPERF,., + f3,* HIGHPERF;,,

+ By * AGE; 1+ B, * NUMOBJ,.; + J,,* OAWRET,,; +u, +¢,, (5)

where all variables are as defined earlier, and , is the random disturbance characterizing the i"

fund and is constant through time. FLOAD,;,, is replaced by BLOAD;,; when back-end load and
level-load funds are studied, or dropped when no-load funds are studied, and only the relevant
data are used for each load type. AFLOAD,;,; is also replaced by ABLOAD;,.; for back-end load
funds. ABLOAD:;, ; is not included for level-load funds because about 90% of the back-end loads
for level-load funds are a standard 1%. In separate regressions, LOWPERF, MIDPERF, and
HIGHPERF are replaced by LOWSHARPE, MIDSHARPE, and HIGHSHARPE as an alternative
performance measure. Performance measures based on raw and risk-adjusted returns are not
included in the same model because they tend to be highly correlated to each other.

After studying the effects of loads on flows into load funds and comparing the
determinants of flows into each of the four load types of funds, following the literature, I also use
the full sample of load and no-load funds to study the effects of fund loads on flows into load

funds. I estimate the following random effects panel regression:

PFLOW ;; = a + 8, *FLDUMMY; + 3, *BLDUMMY; + 3, -LLDUMMY ; + f3, » FLOAD;.; + 35+
BLOAD,,;, + f3, * 12B;.; + B, » NONI2B,.; + f3, » LASSET,.; + B, + PFLOW,.; + B, *
LOWPERF;,, + f3,, * MIDPERF;,, + f3,, + HIGHPERF;,, + f3,, + AGE,.; + 3, NUMOBJ,,.

+ Byis* OAWRET, ., +u; + &, ©
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where the three load fund dummy variables, FLDUMMY, BLDUMMY, and LLDUMMY, take the
value of one if the fund is a front-end load fund, back-end load fund, and level-load fund,
respectively, and zero otherwise. Both load fund dummy variables and actual load levels are
included to control for the possible non-linearity in the effects of fund loads. In separate
regressions, LOWPERF, MIDPERF, and HIGHPERF are replaced by LOWSHARPE,
MIDSHARPE, and HIGHSHARPE as an alternative performance measure.

The panel regression method is used to account for the fact that observations from the
same fund are not independent relative to one another in this time-series cross-sectional (panel)
data set. The random effects model is chosen over a fixed effects model due to the existence of
the load fund dummy variables. Like the fixed effects, the dummy variables, which take the
value of either one or zero for all observations of a specific fund, are time invariant.
Consequently, a fixed effects model cannot be estimated with such dummy variables. I estimate
Equation (5) using random effects model to stay consistent with the method used for Equation (6).
I also estimate Equation (5) and Equation (6) without the dummy variables using the fixed effects
model and obtain the same qualitative results (not reported) for the remaining variables. As
another robustness check, I also apply the Fama-MacBeth method in addition to the random
effects and fixed-effects models and estimate the coefficients for each of the 38 quarters
separately. Then I calculate the coefficients and #-statistics from the vector of quarterly results, as
in Fama and MacBeth (1973). The same qualitative results (not reported) are obtained for almost

all of the variables.

Estimation results

Panel A of TABLE II reports the results of separate random effects panel estimation for the

following four fund load types: front-end load funds, back-end load funds, level-load funds, and
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no-load funds. Results from estimations using alternative performance measures based on the
Sharpe ratio are reported in Panel B of TABLE II.

In addition to the study of the effects of fund loads on flows into load funds, I also want
to compare the effects of other determinants of flows into load and no-load funds, especially 12b-
1 fees and fund operating expenses, and use the observed differences to analyze whether there
exists conflict of interests between load fund investors and brokers and financial advisors.
Therefore, in both Panel A and Panel B, for each variable other than fund loads and changes in
loads, following Del Guercio and Tkac (2002) in their comparison of pension fund and mutual
fund managers, I test whether the coefficients for each type of load funds are statistically different
from the corresponding coefficients in the no-load fund regression, and use °, °, and © to indicate
that the coefficients are statistically different at the 1%, 5%, and 10% confidence levels,

respectively.

[Insert TABLE Il about here]

The effects of fund loads

Both Panel A and Panel B show that front-end loads and back-end loads are significantly
positively associated with flows into front-end load funds and back-end load funds, respectively.
Nanda, et al. (2000) suggest that different investor clienteles might exist for load and no-
load funds, with load funds catering to unsophisticated investors. Various surveys have
corroborated that no-load fund investors are more sophisticated and rely primarily on fund
prospectuses and financial publications to make independent investment decisions. Load fund
investors, on the other hand, are generally viewed as less informed, and they often consider

brokers and financial advisors the most important information source. For instance, Capon, et al.
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(1996) show that 83% of mutual fund investors who seek advice from commission-based advisors
do not know whether they own an equity fund or a fixed-income fund. Alexander, et al. (1998)
find that no-load fund investors scored much higher than load fund investors in a financial
literacy quiz. Investment Company Institute (1997) claims that 87% of mutual fund investors
who use advisors either delegate all decisions to the advisor or choose a fund from among several
recommended by the advisor. Investment Company Institute (2004) indicates that 81% of
investors in funds sold through a sales force assert that “I tend to rely on the advice of a
professional financial advisor when making mutual fund purchase and sales decisions”.

Considering the substantial degree of influence brokers and financial advisors exert on
load fund investors and the fact that fund loads are used primarily to compensate brokers and
financial advisors, the positive relation between fund loads and flows shows evidence of the
presence of conflict of interests between load fund investors and brokers and financial advisors:
brokers and financial advisors apparently serve their own interests by guiding investors into funds
with higher loads.

It should be noted that, even though back-end load fund investors may only need to pay
the load at redemption (the back-end loads will be reduced by one percentage point for each year
that money is left invested in the fund), higher back-end loads should also provide stronger
incentives for the brokers and financial advisors to sell the fund rather than push investors to
redeem from the fund, for the reason that, although no load is paid initially by the investors to
purchase back-end load funds, the fund families still advance the sales charges to the brokers and
financial advisors when they sell the fund (O’Neal, 1999). The finding for back-end load funds
indicates that, most likely, the brokers and financial advisors might simply manage to sell back-
end load funds to unsophisticated investors who are happy to pay the loads at a later time.

On the other hand, it is not a surprise to find the effect of back-end loads on flows into

level-load funds to be insignificant, though, because about 90% of the back-end loads for level-
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load funds are a standard 1% and should not have any effect on flows. In terms of the effects of
changes in loads on flows, while increases in back-end loads do lead to higher flows, especially
when the effects of risk-adjusted performance are controlled, increases in front-end loads are not

significantly related to higher flows.’

The effects of 12b-1 fees and operating expenses

It is first noted that, the effects of 12b-1 fees on flows are significantly different between no-load
funds and load funds. For no-load funds, a one basis point increase in 12b-1 fees might reduce
flows by more than 20 basis points, indicating that no-load fund investors are only interested in
funds which are truly “no-load”. On the contrary, 12b-1 fees are shown to have a statistically and
economically significant and positive effect on flows for both front-end load funds and level-load
funds. According to O’Neal (1999), 12b-1 fees are primarily paid to brokers and financial
advisors as a trailing commission. Therefore, this finding corroborates that 12b-1 fees exert
similar effects on load fund flows as fund loads and provides further evidence of the self-serving
behavior of brokers and financial advisors. ®

Investments into both load funds and no-load funds are shown to be sensitive to operating
expenses. This result is expected because operating expenses, unlike loads or 12b-1 fees, do not
increase the income of brokers and financial advisors. However, the sensitivity of no-load fund
investors is significantly higher. While a one basis point increase in operating expenses might
reduce flows into a no-load fund by more than five basis points, the same increase only reduces
flows into any type of load funds by less than three basis points. This finding might suggest that

no-load fund investors are more enthusiastic in saving expenses.
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The effects of other control variables

As for other control variables, most factors have similar qualitative effects on the flows of no-
load and various load funds. For example, fund flows are highly autocorrelated regardless of load
types, as shown by the significantly positive estimates for lagged flow variables.

The study also reveals that investments into funds with different load types apparently all
chase absolute performance, flocking into investment objectives with high average raw returns.
Investments into all load types appear to chase relative performance as well, investing
disproportionately more in the performance leaders in each investment objective, as shown by the
significantly positive and convex relationship between performance percentile ranks and flows.
For instance, the estimates from the piecewise regression of the three performance ranges show
that, for both front-end load and no-load funds, the same increase in performance percentile ranks
leads to almost five times as high percentage flows in the top performance quintile as in the
middle three quintiles. As shown in Panel B, the use of alternative performance measures based
on the Sharpe ratio, which measures risk-adjusted performance, does not change the conclusions.
In fact, the convex and positive relationship between performance percentile ranks and flows
becomes even stronger.

Regardless of load types, funds from fund families investing in a greater number of
investment objectives all tend to receive higher flows. By offering more investment objectives,
the fund family provides investors with greater flexibility to switch among funds and a better

opportunity to execute asset allocation strategies, and makes its funds more attractive.

Full sample analysis

Following the literature, I also use the full sample of load and no-load funds to study the effects

16



of fund loads on flows. I include both load dummies and load levels to control for possible non-
linearity in the effects of fund loads. The results are reported in TABLE IIl. Model 1 uses
performance measures based on raw returns, while Model 2 uses performance measures based on

Sharpe ratios.

[Insert TABLE 11 about here]

All of the load fund dummies are shown to be significantly negative, suggesting that, all
else being equal, a no-load fund receives higher flows than any type of load fund. After
controlling for these load fund dummy variables, FLOAD and BLOAD exhibit the same positive
relationships with fund flows as observed in TABLE II for front-end load and back-end load
funds. These findings corroborate the non-linearity in the relationship between fund loads and
flows: no-load funds and high-load funds both receive higher flows than low-load funds. If
FLOAD and BLOAD are dropped from the estimation, the coefficients of the three load fund
dummy variables are still significantly negative, while the same qualitative results are obtained

for other variables.

Estimation by investment objectives

The data set used in this paper covers not only domestic equity funds, but also international
equity funds, bond funds, and hybrid funds. To test whether the results found for the entire data
set are robust across different fund groups, I repeat the estimations in TABLE II and TABLE III
for each of the 19 investment objectives. In results not reported here, I find that the main findings
of this paper — load funds with higher loads and 12b-1 fees tend to receive higher flows — can be

obtained for all the 19 investment objectives.
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Conclusion

This paper investigates whether there exists any conflict of interests between load fund investors
and brokers and financial advisors. Load funds are primarily sold through brokers and financial
advisors, and load fund investors have been shown to be less informed in general.

This paper finds that load funds with higher loads and 12b-1 fees, which provide stronger
incentives to the brokers and financial advisors but increase the expenses of investors, receive
higher flows. These findings suggest the presence of conflict of interests between load fund
investors and brokers and financial advisors: brokers and financial advisors apparently serve their
own interests by guiding investors into funds with higher loads. In addition, brokers and
financial advisors do not seem to be as sensitive in saving operating expenses as no-load fund
investors.

The findings in this paper are of great importance to mutual fund investors, regulators,
and researchers. For load fund investors, these findings should help them understand that they
are in a vulnerable position in their relationship with brokers and financial advisors, who are sales
people first, and advisors second. In addition, the findings in this paper should also provide
insights to regulators and researchers in terms of the decision making process of mutual fund
investors. Mutual fund investors are often assumed to “choose” funds as if they were all
independent decision makers. However, this paper shows that the relatively uninformed load
fund investors seldom ‘“choose” load funds on their own; in reality, to a significant degree,

brokers and financial advisors “sell” the funds to these investors instead.

' The Wall Street Journal, “SEC Could Sanction Morgan Stanley,” October 15, 2003, page D13.
* For a list of all fund objectives and their description, please refer to Appendix A to the CRSP Survivor-

Bias Free US Mutual Fund Database Guide.

18



3 The percentage flow variables are winsorized at the 1 and 99™ percentiles in these regressions to control
for the effects of outliers.

* Pairwise correlations (not reported here) are computed for all independent variables and found to be low
enough (all less than 0.30, with the vast majority less than 0.15) to eliminate concerns over
multicollinearity problems in the regressions. As a matter of fact, in addition to the variables included in
the model, some other variables, such as the total assets or the number of funds in a family and fund capital
gains overhang, are also considered. However, they are highly correlated to variables already included in
the model and therefore dropped.

> The difference in the effects of changes in front-end loads and back-end loads might be due to the fact
that back-end loads tend to be more narrowly distributed. The difference between the 90" percentile and
the 10™ percentile is only about 1% for back-end loads, but exceeds 2% for front-end loads. As a result,
any increase in back-end loads is more likely to be noticed by brokers and financial advisors.

%It is not surprising to find that the estimate of 12b-1 fees is insignificant for back-end load funds, though.
According to O’Neal (1999), for front-end load and level-load funds, 12b-1 fees are almost entirely paid to
brokers and financial advisors as trailing commissions; however, for back-end load funds, only around
25% of the 12b-1 fees are paid to brokers and financial advisors, while the rest of the fees are kept by the

fund family to recover the sales charges advanced to brokers and financial advisors.
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TABLE I

Summary statistics of load and no-load funds

All Retail Front-end Back-end Level-load No-load

Fund Characteristics Funds Load Funds Load Funds Funds Funds
Panel A: Medians
FLOAD (%) N/A 4.750 N/A N/A N/A
BLOAD (%) N/A N/A 5.000 1.000 N/A
12B (%) 0.250 0.250 1.000 1.000 0.000
NON12B (%) 0.930 0.900 0.970 1.000 0.900
ASSET (§ million) 32.697 43.039 24.797 5.195 60.498
RAW (%) 1.724 1.782 1.558 1.364 1.933
SHARPE (%) 14.028 15.113 10.725 7.917 17.692
FLOW (§ million) 0.108 0.010 0.221 0.103 0.235
PFLOW (%) 1.099 -0.013 2.665 4.352 1.038
AGE (months) 44 57 36 29 47
Panel B: Means
FLOAD (%) N/A 4.581 N/A N/A N/A
BLOAD (%) N/A N/A 4.622 1.030 N/A
12B (%) 0.395 0.208 0.904 0.871 0.023
NON12B (%) 0.992 0.981 1.024 1.065 0.943
ASSET (§ million) 329.970 383.384 208.126 44.780 490.864
RAW (%) 1.661 1.685 1.333 1.063 2.144
SHARPE (%) 13.067 13.912 8.979 6.222 18.115
FLOW ($ million) 4.675 2.331 3.300 2.329 9.628
PFLOW (%) 16.902 11.465 21.879 29.345 14.068
AGE (months) 70.970 91.564 48.867 36.396 79.095

Note: This table reports the medians and means of various characteristics of funds with different load types.
FLOAD and BLOAD measure the front-end load level and back-end load level of a fund, respectively. /2B
represents the 12b-1 fees of a fund, while NON12B is created by subtracting 12b-1 fees from expense ratio
to represent operating expenses not related to distribution efforts. ASSET is the total assets of a fund. RAW
is the raw quarterly return of a fund. SHARPE stands for Sharpe ratio, a measure of risk-adjusted
performance, which is calculated as average monthly return in excess of T-bill return divided by standard
deviation of monthly returns in the past 12 months. FLOW measures dollar flows, and is defined as change
in total assets in excess of appreciation and assets added through acquisition. PFLOW measures
percentage flows and is defined as the asset growth rate of a fund due to dollar flows. PFLOW is
winsorized at the 1* and 99™ percentiles to control for the effects of outliers. AGE represents the age of a
fund.
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TABLE Il

Determinants of flows into retail mutual funds with different load types

Panel A: Performance measures based on raw returns

Front-end Back-end Level-load No-load
Variables Load Funds Load Funds Funds Funds
FLOAD (t-1) 13347
(0.000)
BLOAD (t-1) 1261 2.491
(0.006) (0.181)
AFLOAD/ ABLOAD (t-1) -0.417 0.975
(0.289) (0.121)
12B (t-1) 2.471%° 0.244* 592172 -21.309™"
(0.057) (0.878) (0.002) (0.000)
NONI12B (t-1) 223270 -0.883"° 22,6540 -5.398™"
(0.000) (0.036) (0.001) (0.000)
LASSET (t-1) -6.082"""* -6.8607*  -7.9787"¢ 9.622"™"
(0.000) (0.000) (0.000) (0.000)
PFLOW (t-1) 0.138""° 0.194"""2 0.157""2 0.069™"
(0.000) (0.000) (0.000) (0.000)
LOWPEREF (t-1) 0.067" 0.064" 0.009 0.034
(0.047) (0.090) (0.905) (0.423)
MIDPEREF (t-1) 0.053"" 0.068"" 0.115""2 0.042""
(0.000) (0.000) (0.000) (0.000)
HIGHPERF (t-1) 0.251"" 0456 "* 0.702""* 0.209""
(0.000) (0.000) (0.000) (0.000)
AGE (t-1) 0.0117"2 -0.0617"*  -0.083""® 0.009"
(0.000) (0.000) (0.000) (0.024)
NUMOBJ (t-1) 0.123""2 0.123"° 0.166" 0.274™"
(0.004) (0.072) (0.100) (0.000)
OAWRET (t-1) 02117 0.279""* 0.3317"® 0.168™"
(0.000) (0.000) (0.000) (0.000)
INTERCEPT -25.609"" -27.238"" -37.825™ -21.907™
(0.000) (0.000) (0.000) (0.000)
Number of observations 75,653 44,225 27,637 59,371
Overall R 0.1036 0.2508 0.1601 0.0638
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TABLE Il (Continued)

Panel B: Performance measures based on risk-adjusted returns

Front-end Back-end Level-load No-load
Variables Load Load Funds Funds Funds
Funds
FLOAD (t-1) 1187
(0.000)
BLOAD (t-1) 12377 1.657
(0.005) (0.308)
AFLOAD/ ABLOAD (t-1) -0.419 1334
(0.261) (0.016)
12B (t-1) 2.444"° 2.217° 481778 -17.156™"
(0.054) (0.141) (0.005) (0.000)
NONI12B (t-1) -1.758™"° -0.936™* -1.455" -4.149™
(0.000) (0.017) (0.035) (0.000)
LASSET (t-1) -5.7157¢ -6.2387% 6.64870 -8.006™"
(0.000) (0.000) (0.000) (0.000)
PFLOW (t-1) 0.1227"2 0.1877"° 0.138""2 0.056™"
(0.000) (0.000) (0.000) (0.000)
LOWSHARPE (t-1) 0.213""2 0.105™" 0.101 0.046
(0.000) (0.002) (0.150) (0.308)
MIDSHARPE (t-1) 0.066"" 0.102""° 0.1817"® 0.068™"
(0.000) (0.000) (0.000) (0.000)
HIGHSHARPE (t-1) 0.459™" 0.685""* 12342 0.389""
(0.000) (0.000) (0.000) (0.000)
AGE (t-1) 0.010""* -0.0647%*  .0.065"* 0.003
(0.000) (0.000) (0.000) (0.387)
NUMOB]J (t-1) 0.119""¢ 0.104 0.191" 0.203™"
(0.004) (0.106) (0.032) (0.001)
OAWRET (t-1) 0.207" 0.272"2 0.368""* 0.173™
(0.000) (0.000) (0.000) (0.000)
INTERCEPT -27.818"" -24.208™" -35.674"" -18.939™
(0.000) (0.000) (0.000) (0.000)
Number of observations 73,807 42,506 26,588 57,456
Overall R? 0.0875 0.2147 0.1571 0.0526
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TABLE Il (Continued)

Note: In Panel A, for front-end load funds, I estimate the following random effects regression using only
observations from front-end load funds:

PFLOW ;, = O+ [B,* FLOAD, ., + [B5* AFLOAD, ., + [35+ 12B,.; + [B, « NONI2B,.; + [Bs+ LASSET,.; + [B¢c + PFLOW,.,
+ B, « LOWPERF,,; + [34* MIDPERF,., + [B+ HIGHPERF,., + [3,y* AGE,.; + [3|,* NUMOBJ,.; + [3,,+ OAWRET,.,
tu, +e¢,

PFLOW measures percentage flows, and is defined as the asset growth rate of a fund due to dollar flows.
FLOAD measures the front-end load level. AFLOAD measures the change in front-end load. 2B
represents the 12b-1 fees of a fund, while NON12B is created by subtracting 12b-1 fees from expense ratio
to represent operating expenses not related to distribution efforts. LASSET is the natural log of ASSET, the
total assets of a fund. Following Sirri and Tufano (1998), I measure the performance of a fund as its
fractional performance rank (RANK ;,), which represents the percentile of its raw return relative to other
funds with the same investment objective in the same quarter, and create three performance range
variables defined as follows using splines: LOWPERF ;, = min [RANK ;,, 0.2], MIDPERF ;; = min [RANK
.- LOWPERF ;,, 0.6], and HIGHPERF ;, = min [RANK ;, - LOWPERF ;,- MIDPERF ;,, 0.2]. LOWPERF
represents the bottom performance quintile, MIDPERF represents the middle three performance quintiles,
and HIGHPERF represents the top performance quintile. AGE represents the age of a fund. NUMOBJ
represents the number of investment objectives offered in the fund family. OAWRET is the asset-weighted

average of the raw holding period returns of all funds with the same investment objective. u, is the

random disturbance characterizing the i fund and is constant through time. FLOAD is replaced by BLOAD,
which measures the back-end load level, when back-end load and level-load funds are studied, or dropped
when no-load funds are studied, and only the relevant data are used for each load type. AFLOAD is also
replaced by ABLOAD for back-end load funds. The percentage flow variable is winsorized at the 1™ and
99™ percentiles to control for the effects of outliers. p-values are reported in parentheses. ***, ** and *
indicate statistical significance at the 1%, 5%, and 10% confidence levels, respectively. ?, ® and © indicate
that the coefficients for each type of load funds are statistically different from the corresponding
coefficients in the no-load fund regression at the 1%, 5%, and 10% confidence levels, respectively.

In Panel B, performance range variables based on the Sharpe ratio, LOWSHARPE ;,, MIDSHARPE ;,, and
HIGHSHARPE ;,, which are computed in the same fashion as the percentage variables based on raw
returns, are used instead as an alternative performance measure. Sharpe ratio measures the risk-adjusted
performance of a fund, and is calculated as average monthly return in excess of T-bill return divided by
standard deviation of monthly returns in the past 12 months.
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TABLE 111

An analysis using the full sample of load and no-load funds

Variables Model 1 Model 2
FLDUMMY -8.454%%* -7.509%**
(0.000) (0.000)
BLDUMMY -0.585%** -9.307***
(0.000) (0.007)
LLDUMMY -10.576%** -8.970%**
(0.000) (0.000)
FLOAD (t-1) 1.068%*** 0.923%**
(0.000) (0.000)
BLOAD (t-1) 1.520%** 1.590%**
(0.002) (0.001)
12B (t-1) -1.679% -1.298
(0.066) (0.128)
NONI2B (t-1) -2.903%** -2.062%**
(0.000) (0.000)
LASSET (t-1) -8.349%** -7.222%%*
(0.000) (0.000)
PFLOW (t-1) 0.138%**:* 0.125%*:*
(0.000) (0.000)
LOWPERF (t-1) 0.049%*
(0.023)
MIDPEREF (t-1) 0.062%**
(0.000)
HIGHPEREF (t-1) 0.299%:**
(0.000)
LOWSHARPE (t-1) 0.134%*:*
(0.000)
MIDSHARPE (t-1) 0.091%%%*
(0.000)
HIGHSHARPE (t-1) 0.550%%
(0.000)
AGE (t-1) 0.006%*** 0.002
(0.007) (0.226)
NUMOBJ (t-1) 0.183%:** 0.173%*:*
(0.000) (0.000)
OAWRET (t-1) 0.242 %% 0.245%%:*
(0.000) (0.000)
INTERCEPT -22.542%%* -22.699%**
(0.000) (0.000)
Number of observations 206,890 200,361
Overall R? 0.1235 0.1063

Note: Model 1 estimates random effects panel regression using the full sample of retail mutual funds.
Model 2 uses alternative performance range variables based on the Sharpe ratio. FLDUMMY, BLDUMMY,
and LLDUMMY, take the value of one if the fund is a front-end load fund, back-end load fund, and level-
load fund, respectively, and zero otherwise. Please refer to TABLE II for the definitions of other variables.
p-values are reported in parentheses. *** ** and * indicate statistical significance at the 1%, 5%, and
10% confidence levels, respectively.
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